Background: Children with Autism Spectrum Disorder (ASD) show unusual social behaviors and repetitive behaviors. Some of these behaviors, e.g., time spent in an area or turning rate/direction, can be automatically tracked. Automated tracking has several advantages over subjective ratings including reliability, amount of information provided, and consistency across laboratories, and is potentially of importance for diagnosis, animal models and objective assessment of treatment efficacy. However, its validity for ASD has not been examined. In this exploratory study, we examined associations between rating scale data with automated tracking of children's movements using the Noldus EthoVision XT system; i.e., tracking not involving a human observer. Based on our observations and previous research, we predicted that time spent in the periphery of the room would be associated with autism severity and that rate and direction of turning would be associated with stereotypies. Methods: Children with and without ASD were observed in a free-play situation for 3 min before and 3 min after Autism Diagnostic Observation Scale -Generic (ADOS-G) testing. The Noldus system provided measures of the rate and direction of turning, latency to approach and time spend near the periphery or the parent.
Background
Autism spectrum disorders (ASD) are characterized by atypical socialization and communication along with repetitive and ritualistic behaviors and problems with arousal regulation. Such behaviors are often quantified by rating scales or by more objective measures such as coding of behaviors from video samples. While valuable, such measures require human judgment which can be affected by a number of factors including understanding of the items, educational level of the informant, cultural background of the child or informant, and informant expectancies which, in turn, can contribute to placebo effects. One way of countering these effects is through the use of automated systems often used in animal studies for detecting responses and which are starting to be used for humans.
Automated devices to detect stereotypic behaviors, for example, have been shown to be a promising alternative to rating scales, as this minimizes the role of human decision making and can provide much more quantitative and dynamic information [1, 2] . Further, eye tracking devices have yielded important information relevant to both early detection [3] and toward understanding the nature of the social deficits in autism [4] . Automated detection of social interactions in this cohort has, however, not been developed although it has been explored in animal models of ASD. For example, automated detection of social interaction and social preference has been developed for mice in the hope of mimicking the social deficits seen in autism. One such task involves measuring the percentage of time spent with an unfamiliar mouse relative to a conspecific as a measure of social preference [5, 6] .
We have clinically observed that children with ASD, given free choice to move in our observation room, often stay away from the parent and remain near the periphery both sitting and exploring the toys and books that are available, or moving around the periphery watching themselves in our one-way mirror and/or touching the walls. Similar movement patterns have been observed by us in toddlers at risk for ASD. As a result, the amount of time spent near the parent is relatively small relative to the amount of time spent in the periphery. As with the animal tasks, such propensities can also be automatically quantified using commercially available systems.
The Noldus EthoVision-XT system is one such system that has been utilized to track movements of animals in laboratory environments [7] . Using an overhead camera and frame grabber, the software can track animals based on their black or white shading or by color marking. Such tracking has advantages over subjective measures in terms of reliability and amount of information provided and consistency across laboratories, and is potentially of importance for assisting with diagnosis, providing measures that may be less susceptible to cultural influences, and in providing objective measures of treatment efficacy which may be less susceptible to observer bias. In an unpublished study, the EthoVision-XT system has been explored as a means of tracking people in a human-sized version of the Morris water maze (http://www.noldus.com/documentation/human-spatial-orientation-and-way-finding-analysisethovision-real-arena-maze).
In this exploratory study, we examined the validity of automated tracking for children with ASD by examining associations between the obtained measures with autism-relevant rating scale data obtained from a parent or a clinician. Measurements were taken in a free play situation before and after diagnostic evaluations with the Autism Diagnostic Observation Scale-Generic (ADOS-G) [8] and consisted of quantifying the amount of time spent near the parent or near the periphery, as well as the average speed and direction of turning of the child's body during the observation. The latter was of interest because of an automated study of stereotyped spinning behavior in people with ASD, which indicated that such spinning had a left turn bias [1] , and because of the often reported observations of atypical lateralization in ASD.
We hypothesized that these tracking data would be associated with a variety of measures indicative of the severity of ASD with the amount of time spent in the periphery showing the strongest effect. We also hypothesized that a left-turn bias would be associated with stereotyped behaviors.
Methods

Participants
The participants were 36 out of 40 children consecutively referred for diagnosis or follow-up evaluations of ASD. The four cases not included were one child, 22 months of age, whose diagnosis was unclear; one child whose primary language was not English (precluding an ADOS assessment); one child whose parent sat in the wrong part of the room; and one who failed to remain after the ADOS-G assessment. The mean ± SD age of these 36 cases was 5.8 ± 3.1 years. Males composed 83% of the sample. Four cases were seen again between 7 and 12 months later (3 males, 1 female) and their data were also included in the analyses, thus yielding 40 data points.
Twenty-seven children were diagnosed as being on the autism spectrum based on DSM-IV-TR criteria [9] : autistic disorder (n = 16) and pervasive developmental disorder (PDD)-not otherwise specified (n = 11). The remaining nine children had diagnoses of attentiondeficit hyperactivity disorder (n = 4), anxiety disordernot otherwise specified (n = 3), mixed receptive-expressive language disorder (n = 1), and global developmental delay (n = 1).
Observation room and EthoVision-XT 8.0 system
Children were evaluated in a large room, 3.18 m in length, 4.85 m in width, and 2.44 m in height. A color CCD camera (Polestar II Everfocus) with a wide angle lens was mounted in the center of the ceiling with the bottom of the lens located 30 cm from the ceiling. The signal from the camera was processed by a Euresys™ Picolo U4H.264 frame grabber and encoder board housed in a Dell™ Precision Desktop computer.
EthoVision-XT 8.0 software tracked the location of the child by the color of the shirt he/she was wearing (color marker tracking at a rate of 29.97 samples/sec), providing x,y coordinates relative to the center of the room that were later processed off-line. In our setup, a red shirt provided the best contrast against the background. In cases where the child did not wear a red shirt, the parent was asked to place red vinyl tape (3M™ #471 -3 in width) on the shoulders and upper arms of the child's shirt. The tape could easily be removed without harming the shirt. The EthoVision system computed the area of the red target and then used the center of this area to define the location of the subject. Figure 1 shows a top-down view of the area of the observation room that was coded, i.e., the "arena" (note some "fish-eye" distortion in the photo). It shows the entrance, location of the camera (center of the arena), testing table, storage areas, and location of chairs. The north side of the room has a one-way mirror with storage cabinets underneath it. The east side of the room had two tables where the ADOS-G materials were kept. The light gray rectangles show two basic regions of interest (ROIs) in the arena; i) The ROI surrounding the parent (marked by the two chairs where the parent sat (and child as well if he/she so chose to do so) and ii) the ROI marking the periphery of the room away from the parent. Movement into any of these areas was considered as being within the periphery. The "+" signs indicate the centers of the ROIs.
Tracking protocol
The room was set up as shown in Figure 1 . The protocol was modified from that developed by Gardner [10] to study social behavior and arousal in toddlers in an open field situation. Toys were placed on the floor and table top. The parent and child were introduced to the observation room and the parent was instructed to sit in the northwest corner and asked to complete the Aberrant Behavior Checklist-Community version (ABC-C) [11] . The parent was told the child could play with the toys and was free to roam around the room. The examiner then left the room for 3 min (measured with an electronic timer). After this period, the examiner returned and tested the child with the ADOS-G while the parent remained to watch. The mean ± SD time to administer the ADOS was 24 ± 9.7 min and varied with the module used. After the ADOS-G testing was done, the examiner cleaned up the materials, set up the room as before, asked the parent to complete the ABC-C and then the examiner exited the room. The child was then tracked for an additional 3 min of free play with the parent present. Tracking data were gathered for both 3 min periods and examined for differences across the two time periods. All but three parents remained focused on filling out the ABC-C. Two children without ASD and one child with ASD approached their parent during the final 3 min period requiring the parents to respond to their child's bid for attention.
Data filtering
Filtering of the data prior to computation of the predictor measures was necessary for two reasons. First, there were instances where the system mistook another red object as the subject (e.g., red shoes or toys). These frames were manually deleted and then substituted by linear interpolation from the closest non-missing frames. Second, as the subject moved, wobbling was noted from one frame to the next (e.g., the center would move from one shoulder to the other). The wobbling was minimized in two different ways. A smoothing algorithm included in the EthoVision package that used a two-degree locally weighted scatterplot smoothing function ("lowess" function) was applied to 10 frames before and after the center point [12] . Frames closest to the center exerted the greatest influence. After this lowess smoothing, an additional minimum distance movement of ≥2.54 cm criterion between frames was applied to the entire data log for each child in order to further eliminate wobbling, thus minimizing effects of small body movements.
Predictor variables from tracking data
Since ASD is a disorder of social communication and repetitive behavior, we focused on measures most relevant to these symptoms based on the ROIs defined above:
i. Parent directed: The focus here was on measures related to the parent's location in the room. These included percentage of session time spent in parent ROI and latency(s) to approach the parent ROI (measured from the time the ADOS examiner walked out the door). ii. Periphery directed: As noted above, we have observed that children with ASD tend to prefer remaining close to the periphery of a room. This thigmotaxis-like behavior may reflect anxiety but, in our setup, could also indicate preference for exploring the toys, watching oneself in the one-way mirror, and/or increasing the space available to engage in repetitive motoric behavior. Measures here included: percentage of session time spent in the periphery ROI closest to child and latency(s) to approach the periphery ROI closest to the child (measured from the time the ADOS examiner walked out the door). iii. Turning Bias: The speed and direction of motion taken by the child when he/she was in the room was examined as a proxy measure of repetitive behaviors as noted above. Our measure for this bias was relative angular velocity (RAV).
RAV is the signed change in direction of movement of a subject from one sample to the next per unit time (degrees/sec; o /sec). A clockwise (right) turn, relative to a horizontal line at the center of the room, is scored as a negative value. A counterclockwise (left) turn is scored with a positive value. RAV serves as a measure of the tendency of the subject to turn in one particular direction such as would be found in circling or in choosing to explore objects based on their relative position with respect to where the child was sitting or standing (i.e., to his/her left or right side). Calculation details can be found in the EthoVision-XT 8 manual. As noted above, problems with laterality dominance have been described in the autism literature, especially in those with more severe communication impairment [13, 14] . Therefore, the tendency to move in a particular direction was of interest. As a result of the minimum distance moved criterion, RAV was computed only for those movements that exceeded 2.54 cm between two consecutive samples, again to minimize the influence of small body movements.
In order to verify the accuracy of the minimal distance filtering on RAV, a research assistant was asked to wear a red shirt and to go into the observation room and move in small and large circles; first in a counterclockwise direction and next in a clockwise direction. She executed 20 counter-clockwise and 19 clockwise turns in 125 sec and 111 sec, respectively. The RAV for the counter-clockwise circles was calculated as 59.8°/sec and for the clockwise circles it was calculated as −62.3°/ sec; resulting in an estimated 21 counter-clockwise and 19 clockwise 360°circles, respectively.
The accuracy of all measures was also validated by observation of the video of the child's location in the room and where the system located him or her using the "Integrated Visualization" module which showed graphs of all measures over time along with a concurrent display of the overhead camera view. Thus, using this we could verify that the system was correctly identifying the child as being in a given ROI or moving in a given direction.
These measures were computed for the first and second 3-min periods. The latency and percent time measures did not significantly differ across time periods but RAV did (t (38) = −2.0, P = 0.05), as shown in Table 1 . Therefore, in all of the correlation tables below, the latency and percentage time measures reflect the average of the first and second 3-min intervals while the RAV measure is shown separately for these two time periods along with the overall mean.
Also shown in Table 1 is the correlation between these measures from the first to the second 3-min period.
Only the percent times spent near the parent or near the periphery were relatively stable across the two time periods. The latency measures were not stable, likely, in part, because of the fact that during the last 3 min, most of the children were not approaching their parents from the same location as in the first 3 min. RAV also differed across time periods as noted above. Table 2 shows descriptive statistics for the tracking measures. Most had minimal skew and did not differ from a normal distribution. RAV was not normally distributed overall and was negatively skewed and highly peaked in the first 3-min period.
Rating scales PDD Behavior Inventory (PDDBI)
Prior to the visit, the parent completed the PDD Behavior Inventory (PDDBI), an informant based tool standardized on children with ASD between 2 and 12 years of age [15] [16] [17] . The PDDBI is constructed, a priori, in a hierarchical manner. At the first level, the PDDBI is divided into two orthogonal behavioral dimensions: i) ApproachWithdrawal Problems, assessing maladaptive behaviors (higher scores indicate increased severity); and ii) Receptive/Expressive Social Communication Abilities, assessing social communicative competence (higher scores reflect increased competence). Each of these dimensions is comprised of a number of separate behavioral domains best reflecting that dimension.
The PDDBI generates age-normed T-scores (mean (SD) = 50 (10)) for each domain and for each composite score (representing a summary of the domain scores) for children between 1.5 and 12.5 years of age. An Autism Composite score is generated based on those domain Tscores most relevant to a diagnosis of autism. These domain and composite T-scores are normally distributed within the reference sample, enabling complex statistical models to be utilized. While originally developed to measure response to intervention, several of the scores generated from the PDDBI agree very well with diagnoses made by both Autism Diagnostic Interview-Revised and ADOS-G criteria [18] . Table 3 shows the domains of the parent version used in the present study.
Vineland Adaptive Behavior Scales, Second Edition (VABS-II)
Prior to videotaping, the parent was interviewed with the VABS-II [19] to provide an assessment of adaptive abilities and serve as a complement to the PDDBI Receptive/Expressive Social Communication Abilities dimension data.
Aberrant Behavior Checklist-Community Version (ABC-C)
As noted above, the parent also completed the ABC-C while the child was tracked during the observation to provide an additional measure of maladaptive behavior besides the Approach-Withdrawal Problems dimension of the PDDBI. For present purposes, we used the ABC-C factor scores developed for people with Fragile X syndrome to characterize these behaviors [20] because of the strong association between ASD and Fragile X and because of the limited information on the factor structure of the ABC-C for people with ASD at the time these data were analyzed. 
ADOS-G
Finally, the ADOS-G Social Affect, Restricted and Repetitive Behaviors, and Comparison Score were computed. Raters were blind to the results of the tracking. Data gathered were anonymized prior to analysis. This project was approved by the Institutional Review Board of the New York State Institute for Basic Research in Developmental Disabilities and an informed consent waiver was granted.
Data analyses
All of the data (including the four repeat data points) were used in order to increase power. Group differences across tracking measures were analyzed using t-tests or Mann-Whitney U-tests where appropriate. Pearson correlations were examined between the tracking measures and the rating scale data for the entire sample as well as for the ASD and Not-ASD groups separately (Spearman rho was also examined for the RAV variable but results were quite similar to the Pearson analyses and so are not described herein). The focus here was on both generality and specificity, i.e., we were interested in which of the tracking measures was associated with various classes of behavior, irrespective of the type of rating scale or informant, and which, if any, were specific to measures linked to ASD. The various rating instruments were completed in different situations, at different times, and, in case of the ADOS-G, by different informants. Accordingly, the tables below were grouped by the behavior classes that are common across the different measuring systems in order to examine generality across instruments. A P value of ≤0.05 was set and P values are shown in all tables. Correction for multiple comparisons was not made as it would be overly strict -this was an exploratory study and the measures within each behavioral class were correlated with one another.
Results
Group differences in tracking data
As shown in Table 4 , the ASD group showed a greater latency to approach their parents and spent a significantly greater time in the periphery, as predicted. The time spent with the parent, or latency to approach the periphery did not differ across groups. The ASD children were also the ones to show a shift in RAV across the pre-post-time periods while the Not-ASD group showed no such trend (evident in both the t-and U-tests). Figure 2 shows a plot of the group means, 95% confidence interval, and raw data differences on RAV2. Group differences were strong with little overlap. Omitting the repeat data had no effect on these results (t (34) = 3.15, P <0.004). Children with ASD had a left turn bias tendency in the angular velocity of their spontaneous motion while the Not-ASD group tended to have a right turn bias. The overall angular velocity was similar in both groups at (mean ± SE) 12.5 ± 19.6°/sec in the ASD group and 15.3 ± 21.8°/sec in the Not-ASD group. Thus, our data indicate that group differences in RAV are vectorial, not scalar, in the sense that small displacements in motion, either by ambulating or sitting and turning, are similar across groups but differ in which direction the displacement occurred.
Correlational analyses
For all of the analyses below, removing the four repeat data points had no significant effect on the size or direction of the correlations.
Tracking data and maladaptive social communication Table 5 shows the correlations between the tracking variables (grouped into Parent, Periphery, and Turning Bias) and the rating scale measures of maladaptive social communication for the entire sample and separately for the ASD and Not-ASD groups. Overall, the tracking measures specifically related to the location of the parent in the room showed little in the way of significant association with almost all rating scale measures of maladaptive socialization, the one exception being the link between ADOS-G Social Affect and latency to approach the parent, an effect driven by the ASD group.
Measures of the tendency to remain in the periphery of the room were, however, associated more broadly with all of the ratings of maladaptive social behaviors with the percent duration spent in the periphery ROI showing the most cross-scale consistency, this effect was again driven by the ASD group. The more time children spent in the periphery, the worse their scores. This measure was not significantly associated, however, with measures of maladaptive language (e.g., echolalia, perseveration, etc.). Figure 3 shows the relation between overall percent time in the periphery against the PDDBI Social Discrepancy and the ADOS Social Affect measures. The ASD group is shown in closed circles and the Not-ASD group in open circles. Note that the ASD group showed a greater variation in the percentage of time spent in the periphery, accounting for the fact that it was the group that had the strongest effect. Note also that the dependent measures showed a ceiling effect past about 50% time spent in the periphery which would also influence the strength of the correlation. Surprisingly, RAV was positively correlated with measures of maladaptive social communication but this Figure 2 This figure shows the means, 95% confidence intervals, and raw data for the rate of turning to the left (positive sign) or right (negative sign) in the ASD and Not-ASD groups during the 3-min interval after the ADOS assessment was finished. Note that the absolute velocity was similar for the two groups but that they markedly differed in turn bias with the ASD group showing a left turn bias. effect depended on the measure, group, and time period as shown in Table 5 . For the parent ratings, the effects were seen only for RAV1 and, for the PDDBI, effects were present only in the Not-ASD group. For the ADOS-G, the effects were seen only for the second 3-min phase after the ADOS-G session was over and only for the group as a whole. This positive correlation indicated that the greater the angular velocity towards the left, the worse the maladaptive social behavior scores. As shown in Figure 4 , this complicated relationship for the PDDBI and the major effect for the Not-ASD group overall was due to range restriction for RAV in the ASD group.
Tracking data and adaptive social communication
For adaptive skills (Table 6 ), the percentage of time spent in the periphery was inversely correlated with social, self-care, and language skills across the PDDBI and VABS-II with the effect driven by the ASD group. Latency to approach the parent was inversely correlated with the VABS-II domains while latency to approach the periphery was positively associated with these adaptive skills, again only in the ASD group. The more time children spent in the periphery, the worse their scores, while the longer it took for them to enter the periphery, the better their scores. There was a weak, but significant negative correlation between overall RAV and Social Approach Behaviors as measured by the PDDBI.
Tracking data and repetitive and ritualistic behaviors
Correlations between the tracking data and measures of stereotyped and ritualistic behaviors are shown in Table 7 . As above, the tracking measure showing the greatest generality across scales was the percentage of time spent in the periphery and it was linked more to sensory than to ritualistic type behaviors, i.e., behaviors likely associated with problems with the arousal system rather than with anxiety [17] and the effect was most evident in the ASD group. Although RAV was meant to pick up this behavior, and the correlations were in the expected direction, they were weak and did not reach statistical significance in the group as a whole. In the Not-ASD group, however, RAV was positively correlated with parent, but not with ADOS, ratings. Thus, the more the Not-ASD children were reported to exhibit repetitive behaviors, the more they showed a left-turn bias, similar to the ASD group. As with the effects of RAV on Table 5 Correlations between tracking measures and maladaptive social communication severity for all data: All (n = 40), ASD (n = 30), and Not-ASD (n = 10) subsets (Continued) Table 5 . Both dependent measures show ceiling effects when the percentage of time spent in the periphery exceeds 50%.
Maladaptive Social Communication, this group difference was due to range restriction in the ASD group.
Tracking data and autism severity
There were two measures related to severity of autism: the Autism composite score on the PDDBI and the Comparison Score on the ADOS-G (the higher the scores, the greater the severity). Their associations with the tracking data are shown in Table 8 . Only one of the social measures, latency to approach the parent, was associated with the ADOS-G measure (the greater the latency the worse the Comparison Score) and this effect was driven by the ASD group. The percentage of time spent in the periphery was again broadly linked to autism severity across the PDDBI and ADOS-G scales but especially evident in the ASD group. The more time children spent in the periphery, the worse their autism severity scores. Examples of this relation between periphery preference and diagnosis are shown in Figure 5 , which shows, the various locations of two different boys, both 2 years of age, during the first 3 min. The color of their paths indicates distance from the parent ROI with yellow closer than orange. The child on the bottom is moving between the toys on the floor and his parent while the child on the top is moving toys from the table to the floor and back again in a repetitive pattern, all while remaining close to the one-way mirror. The child on the top was diagnosed with ASD and spent 18% of this period in the periphery while the one on the bottom had a language delay and spent no time in the periphery.
RAV was also linked with autism severity across these two instruments suggesting that turning bias is related to the social deficits seen in autism since this behavior was linked to both autism severity and to social communication problems. The magnitude of this effect depended on the observation interval with the correlation strongest for the PDDBI during the first 3 min (driven by the Not-ASD group) while it was strongest for the ADOS-G rating during the second 3 min phase (for the entire sample). The greater the angular velocity towards the left, the worse the autism severity scores across the entire sample. Again, ASD range restriction for RAV played a role similar to the effects noted above.
Tracking data and not-ASD specific behavior problems
The PDDBI and the ABC-C provide additional information on behavior problems not uniquely related to ASD. These include problems with arousal regulation, fears, and aggressivity; Table 9 shows these correlations. Problems with arousal regulation (hyperactivity, sleeping problems, etc.) were associated primarily with measures related to remaining in the periphery (both latency and percent time) and not to the parent measures with effects driven by the ASD group. The more time children spent in the periphery, the worse their arousal scores. There was no significant relation with overall RAV but there were small positive correlations between measures of arousal regulation and RAV in the first 3 min such that the greater the angular velocity towards the left, the worse the severity of ratings of arousal problems, with the effects driven by the Not-ASD group (again due to Figure 4 This figure shows the relation between the PDDBI Social Discrepancy score and relative angular velocity. ASD cases are in filled circles and Not-ASD cases in open circles. The regression function is for the entire sample. Note that relative angular velocity has more variation in the Not-ASD group than in the ASD group accounting for the stronger correlation for the Not-ASD group in Table 5 . Table 6 Correlations between tracking measures and adaptive social communication skills for all data: All (n = 40), ASD (n = 30, and Not-ASD (n = 10) subsets range restriction for RAV in the ASD group as discussed above). Ratings of fears were not associated with the tracking data. Aggressivity was correlated with increased time spent in the periphery only for the ASD group.
Discussion
These results suggest that data obtained from automated tracking of motion of children on the autism spectrum can serve as a valid indicator of the severity of their disorder as well as their problems with arousal regulation and irritability. They also suggest that time spent in the periphery is associated with ASD severity. Indeed, the average percentage of time spent in the periphery of the room was the one measure that showed cross-scale consistency for a variety of both maladaptive and adaptive behaviors in the expected direction. As this percentage increased, ratings of the severity of stereotypies, social avoidance and social interaction problems, autism severity, and hyperactivity and general arousal regulation problems moderately increased while ratings of social and linguistic competence strongly decreased. By contrast, the percentage of time spent in the vicinity of the parent was of limited value and showed no relation with any of the measures. Latency to approach the parent was, however, linked to overall adaptive social communication skills as well as to the ADOS-G Social Affect and Comparison scores indicating that those with better communication skills were more likely to quickly approach or be near their parent once the examiner left the room. Table 7 Correlations between tracking measures and repetitive and ritualistic behaviors severity for all data: All (n = 40), ASD (n = 30), and Not-ASD (n = 10) subsets Thus, both latency to approach the parent and the percentage of time the child spends in the periphery of a room may serve as objective indicators of autism severity, important measures to study as possible predictors of the development of ASD in at-risk children, and as indicators of the effects of intervention. Ideally, intervention would shorten the parent latency as well as the time spent in the periphery (e.g., making the path of the ASD child look like the path of the Not-ASD child in Figure 5 ). Both latency and duration measures were invariant across the pre-and post-ADOS assessment time periods.
In animal studies, the tendency to prefer the periphery of an open field is referred to as thigmotaxis and usually serves as an indicator of anxiety [21] . In this study, there was no significant correlation between parent reports of fears on the PDDBI and percentage of time spent in the periphery. Instead, there was an association between percentage of time spent in the periphery and stereotyped behaviors, as well as with measures of arousal regulation and irritability. It may be that children with ASD, when introduced into a novel room, spend the time exploring the periphery because that is where the interesting sensory stimuli are; in our case, the one-way mirror, storage cabinets, covered toys, and walls. It could also be that engaging in such behavior serves as a means of regulation of their arousal and/or anxiety which is known to be elevated in children on the autism spectrum [22] [23] [24] .
RAV was the one measure that differed across time periods with a marked increase in velocity in the second observation period relative to the first and moving from a neutral bias to a left-sided bias but only in the ASD group. It is unclear why the overall increase in turning rate occurred but could be related to an "overflow" of arousal generated by the social demands of ADOS testing for the ASD group. This may account for the observation that the clinician's ratings of social affect on the ADOS were correlated more with the second timeperiod than the first. Indeed, RAV after the ADOS was strongly associated with diagnosis in this sample.
Based on the work of Bracha et al. [1] , we had expected RAV to be linked with ratings of stereotyped behaviors in the ASD group. These authors reported that spinning in children with ASD had a left turn bias which they attributed to right sided neglect. However, we did not see a link with ratings of stereotyped behaviors in the ASD group but this was largely because they showed relatively little variation in RAV. Instead, RAV was associated with parental reports of stereotyped behaviors (and to social deficits) in the Not-ASD group where there was much greater variation in RAV across subjects.
Finally, we acknowledge that the numbers of correlations within each table were quite large. As noted above, correction for multiple comparisons would have been too strict an approach for this exploratory study. A more informal approach toward handling this issue is to compare the expected number of significant effects for a P value of 0.05 relative to that obtained, as suggested by Gelman, Hill, and Yajima [25] . Tables 5 and 6 each had 126 correlations and so we would expect each to have six significant correlations by chance. Instead, Table 5 had 25 significant correlations and Table 6 had 28. Table 7 would be expected to have four significant Table 8 Correlations between tracking measures and autism severity for all data: All (n = 40), ASD (n = 30), and Not-ASD (n = 10) subsets correlations by chance but 12 were significant. The expected chance significance rate was two for Table 8 and  five for Table 9 , but the actual numbers were 10 and 15, respectively. Based on these observations and the observed generalization across scales, we conclude that our results are likely to be valid.
Conclusions
Automated detection of very basic measures of behavior, such as latency to approach a caregiver, time spent in the periphery of a room with the parent present, and, perhaps, speed of turning toward the left, may serve as valid markers of the severity of social, repetitive, and arousal-based problem behaviors in children with ASD. Since these measures can be readily computed and do not involve specific tasks, they may serve as unbiased, culture-free indicators of early signs of ASD or as indicators of change with intervention. The number of tracking measures we selected was arbitrarily limited due to our relatively small sample size, focusing on ones we thought would be most relevant. Other measures that may also be of value include Figure 5 Paths taken in the first of two 3-min intervals prior to ADOS-G assessment in two 2-year-old boys. Color indicates distance from parent ROI (yellow is closer). Child on top has ASD, child on bottom has a language delay.
measures of path complexity, relative frequency of slow and fast movements, distance from the parent or periphery, and concurrent assessment of psychophysiological measures of arousal, amongst others. The latter would be of help in ascertaining the extent to which arousal regulation helps to explain our findings.
We do not know to what extent our results are impacted by the size or layout of the observation room or Table 9 Correlations between tracking measures and Not-ASD specific severity of behavior problems for all data: All (n = 40), ASD (n = 30), and Not-ASD (n = 10) subsets the shapes and sizes of the ROIs. More research is needed to investigate such effects as well as the need to replicate our observations, to examine associations of our measures with social bids and repetitive behaviors exhibited during the observation periods, to examine the contributions of our measures to diagnosis, and to assess their sensitivity to intervention effects. 
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